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Abstract

Aims: The HOPE score, based on covariates available at hospital admission, predicts the probability of in-hospital survival after extracorporeal life

support (ECLS) rewarming of a given hypothermic cardiac arrest patient with accidental hypothermia. Our goal was to externally validate the HOPE

score.

Methods: We included consecutive hypothermic arrested patients who underwent rewarming with ECLS. The sample comprised 122 patients. The six

independent predictors of survival included in the HOPE score were collected for each patient: age, sex, mechanism of hypothermia, core temperature

at admission, serum potassium level at admission and duration of CPR. The primary outcome parameter was survival to hospital discharge.

Results: Overall, 51 of the 122 included patients survived, resulting in an empirical (global) probability of survival of 42% (95% CI = [33–51%]). This was

close to the average HOPE survival probability of 38% calculated for patients from the validation cohort, while the Hosmer–Lemeshow test comparing

empirical and HOPE (i.e. estimated) probabilities of survival was not significant (p = 0.08), suggesting good calibration. The corresponding area under
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the receiver operating characteristic curve was 0.825 (95% CI = [0.753–0.897]), confirming the excellent discrimination of the model. The negative

predictive value of a HOPE score cut-off of <0.10 was excellent (97%).

Conclusions: This study provides the first external validation of the HOPE score reaching good calibration and excellent discrimination. Clinically, the

prediction of the HOPE score remains accurate in the validation sample. The HOPE score may replace serum potassium in the future as the triage tool

when considering ECLS rewarming of a hypothermic cardiac arrest victim.
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Introduction

Hypothermia is one of the reversible causes of cardiac arrest (CA).1,2

Patients who are successfully resuscitated with extracorporeal life
support (ECLS) rewarming often have an excellent neurological
outcome.3 We previously developed a new score (Hypothermia
Outcome Prediction after ECLS�HOPE) to better predict the
probability of in-hospital survival of a given CA patient with accidental
hypothermia after ECLS, based on covariates available at hospital
admission.4 The HOPE score was derived from a retrospective cohort
of 286 patients using a multiple logistic regression model.4 The score
uses six variables available at hospital admission to predict survival
with ECLS rewarming in hypothermic CA patients: age, sex, presence
of asphyxia, potassium, cardio-pulmonary resuscitation (CPR)
duration and temperature (online calculator at: www.hypothermia-
score.org).4 In this large retrospective study we found that the HOPE
score was superior to the historical dichotomous triage based on
serum potassium level in assessing which hypothermic patients in CA
would benefit from ECLS.4 As our model has not been validated on an
independent external data set, our aim was to externally validate the
HOPE score.

Methods

Study population

We included hypothermic CA victims who underwent rewarming
with ECLS. Only consecutive ECLS patients from retrospective
cohort studies or hospital data in one determined time frame were
included. We excluded patients who were not in CA when ECLS was
started and those for whom no individual data were available.
Patients were identified and selected through a literature review and
unpublished hospital data were added. First, the authors of the
publications of potentially eligible studies identified by our original
systematic review4 not included in the original publication were
asked to participate in the validation cohort.5–9 Then we updated the
research of the original article4 by exploring Pubmed, Embase, and
Cochrane from January 1st 2017 to August 1st 2018 using the
following keywords: “Extracorporeal Membrane Oxygenation OR
ECMO OR Extra-Corporeal Assisted Rewarming OR Cardiopulmo-
nary Bypass AND Hypothermia”. The last search was performed on
August 1st 2018. In a case series with aggregated data, we
contacted authors of the publications via e-mail to have access to
individual data. We excluded cases used in the derivation cohort.
Finally, retrospective unpublished data from additional hospitals
were added (Bern, Poland, Grenoble). The data collection was
approved by the institutional review board (No. 2018-00779).

The six independent predictors of survival included in the HOPE
score4 were collected for each patient: age, sex, mechanism of

hypothermia, core temperature at admission (if not available, the
prehospital temperature was used), serum potassium level at
admission, and duration of CPR (defined as the time elapsed from
initiation of external CPR to the start of ECLS). In the case of CA
developing after admission, the CA rhythm when starting ECLS was
registered. The mechanisms for hypothermia were further classified
as non-asphyxia-related (e.g. immersion, outdoor or indoor exposure
to cold) or asphyxia-related (e.g. submersion, avalanche with burial of
the head under the snow).10 Neurological outcome at hospital
discharge was assessed for the survivors by the cerebral performance
category (CPC).11 A CPC of 1 or 2 was considered as a “favourable
neurological outcome”.12,13 As in the original study, the primary
outcome parameter was survival to hospital discharge.

Statistical analysis

We assessed the validity of the HOPE score by calculating this score for
the newpatients whodid not participate in the original (or derivation)study
where the corresponding model was developed. The external validity of
the HOPE model was assessed following a methodological framework
close to that proposed in Debray et al.14 We first compared the validation
cohortwith thederivationcohort toevaluatetheircase-mixdifferences.To
summarize these differences, we fitted a logistic regression model to
predict cohort membership (validation vs derivation) using individual data
on survival and its six predictors above, and calculated the area under the
corresponding ROC curve (AUC). A value close to 0.5 indicates similar
case-mix, while higher values indicate different case-mix. In addition, we
compared the means and the standard deviations of the HOPE scores
(calculated according to the equation above) in both cohorts. In case of
good discrimination and good calibration, a model is then said to be
“reproducible” in case of a similar case-mix and “transportable” in case of
a different case-mix, although no clear-cut criterion is available to decide
what means similar and what means different.

Discrimination was assessed using the AUC criterion15 to
discriminate survivors from non-survivors based on the HOPE score
in the validation cohort. Calibration of the model was assessed by
comparing empirical and estimated probabilities of survival via a
Hosmer–Lemeshow test.16 In addition, a logistic regression model to
predict survival using the HOPE score was fitted, where we could test
whether the intercept was significantly different from zero and the
slope significantly different from one.

The missing values for predictors used in the HOPE score were
handled through multiple imputations using a multivariate imputation
by chained equations (MICE) algorithm.17 We used m = 100 imputed
data sets and 50 iterations of the algorithm such that the scores
obtained were ultimately averaged over the m = 100 imputed data
sets. The mice package (version 2.25) from the R statistical software
was used.17 Analyses were performed using the statistical software R,
version 3.1.2 (R Foundation for Statistical Computing). P
values < 0.05 were considered as statistically significant. We followed
the transparent reporting of a multivariable prediction model for
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individual prognosis or diagnosis (TRIPOD) guidelines (https://www.
tripod-statement.org).18

Results

The research strategy allowed the collection of 122 new patients to
enter the validation cohort (Fig. 1, eTable 1). Patient’s character-
istics in the derivation (n = 286) and the validation (n = 122) cohort
are presented in Table 1. The validation cohort was older
compared to the derivation cohort (median of 50 vs 35 years,
respectively; p < 0.001) with less asphyxia-linked CA mechanism
(38% vs 51%, respectively; p = 0.01). When predicting the cohort
membership (validation vs derivation) using the characteristics
summarized in Table 1 (including survival), only the age remained
significant (p < 0.001). The AUC of the corresponding ROC curve
(also known as c-statistic) summarizing case-mix differences
between the two cohorts was 0.646 (95%CI: 0.592–0.699).
Nineteen out of the 122 patients had one or two missing value
(s) in some predictor(s) used to calculate the HOPE score: 8 for
duration, 6 for potassium, 5 for mechanism and 1 for age. A total of
51 patients out of the 122 survived, resulting in an empirical
(global) probability of survival of 42% (95%CI: 33–51%). The CPC
was �2 for 37 of the 49 (76%) survivors for whom this information
was available.

The HOPE survival probabilities calculated for the patients from
this validation cohort ranged from 0 to 94%, averaging 38%, close to
the empirical 42% above and compatible with a good calibration. The
HOPE scores calculated in the validation cohort compared to the
derivation cohort differed neither with respect to the mean (�1.02 vs
�1.24, respectively; p = 0.43) nor with respect to the standard
deviation (2.27 vs 2.62, respectively; p = 0.06). Boxplots of HOPE
survival probabilities for the survivors and non-survivors from the
validation cohort are presented in Fig. 2, together with the
corresponding ROC curve. The AUC for this ROC curve was 0.825
(95%CI:0.753–0.897), which was compatible with the estimated AUC
corrected for the excess of optimism of 0.866 previously published
from the derivation cohort,4 providing therefore a similar good
discrimination of the HOPE model.

Fig. 3 shows the empirical vs the averaged HOPE probabilities of
survival for 10 groups of 12 or 13 patients with similar values of HOPE
survival probabilities. The close cropping along the identity line
suggests that the model is well calibrated. The only exception was the
fourth group, where 6 patients died and 6 patients survived, resulting in
an empirical probability of survival of 6/12 (50%), whereas the average
of the HOPE probabilities was only 16% in this group. In line with these
results, in a logistic regression model to predict survival using the
HOPE score, the intercept was not different from 0 (p = 0.45) and the
slope was not different from one (p = 0.09), indicating again a good
calibration of the HOPE model. We also refitted the logistic regression

Fig. 1 – Flowchart of study patients.4–9,19–21
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model to the new 122 patients. Each predictor included in the original
model had the same signs for the coefficients, and a similar
magnitude, apart for gender. The Spearman correlation between
the HOPE score and the refitted score for the new patients (n = 122)
was high (0.92).

The sensitivities, specificities, positive and negative predictive
values (PPV and NPV, respectively), as well as the percentage of
false positive and negative (FP and FN, respectively) obtained when
using a HOPE survival probability �0.10 to predict survival are
provided in Table 2. These were all similar in the patients from the

derivation and validation cohort despite the fact that we had one
false erroneous prediction of non survival in the validation, but none
in the derivation cohort.

Discussion

This study provides the first external validation of the HOPE score. Our
new sample of 122 patients included 46% of cases from three new
hospitals, collected over different periods. As such, we provide a

Table 1 – Summary and comparison of baseline patient characteristics and outcomes in the derivation and
validation groups.

Derivation (n = 286) Validationa (n = 122) P value

Continuous candidate predictors, median (IQRb)
Age (years) 35 (16–55) 50 (34–59) <0.001
Temperature (�C) 24 (22–27) 24 (22–27) 0.80
Potassium (mmol/L) 4.7 (3.6–6.6) 4.6 (3.7–6.1) 0.67
CPRb duration (min) 120 (85–169) 107 (68–150) 0.07
Categorical candidate predictors, n (%)
Sex 0.45
Female 71/286 = 25% 26/122 = 21%
Male 215/286 = 75% 96/122 = 79%

Mechanism <0.001
Exposure 98/283 = 35% 66/117 = 56%
Immersion 40/283 = 14% 7/117 = 6%
Submersion 94/283 = 33% 39/117 = 33%
Avalanche 51/283 = 18% 5/117 = 4%

Mechanism 0.01
Non-asphyxia-related 138/283 = 49% 73/117 = 62%
Asphyxia-related 145/283 = 51% 44/117 = 38%
Survival 106/286 = 37% 51/122 = 42% 0.37

a In the validation cohort, there were 8 missing values (1 survivor, 7 non-survivors) for CPR duration; 6 (2 survivors, 4 non-survivors) for potassium; 5 (4 survivors, 1
non-survivor) for the mechanism; and 1 ( non-survivor) for the age.
b IQR and CPR denote interquartile range and cardiopulmonary resuscitation, respectively.

Fig. 2 – Hypothermia outcome prediction after ECLS (HOPE) survival probabilities (left panel) and receiver operating
characteristic curve of the survival probabilities (right panel) were estimated from 122 patients using HOPE model.
AUC = area under the curve.

324 R E S U S C I T A T I O N 1 3 9 ( 2 0 1 9 ) 3 2 1 – 3 2 8



geographical and temporal validation.22 Our study confirms the good
calibration and excellent discrimination of the score. The validation
AUC at 0. 825 was slightly lower than the derivation AUC at 0.866;
however, the original AUC was still within the validation of 95% CI
interval (upper limit of 0.897). The validation AUC was also greater
than 0.8 which is suggested as a cut-off providing excellent
discrimination.16 The calibration was also good, with a mean observed
survival probability only 3.7% higher than predicted. One of the group
of 12 hypothermic patients with similar values of HOPE survival
probabilities had a higher survival of 50% for a prediction of 16%. This
difference, although large, is neither statistically (via the Hosmer–
Lemeshow test) nor clinically relevant (since the group had a predicted
survival greater than 0.1, the threshold above which ECLS rewarming
is recommended). Interestingly, the neurological outcome was
favorable in only 2 of the 6 survivors of this group (40%), which
was less than the proportion of favorable neurological outcome in the

other groups (35 out of/43, 81%; p = 0.026). Finally, the Spearman
correlation between the calculated scores via the derivation equation
and the refitted equation of the logistic regression model to the new
122 patients was 0.92, illustrating the closeness of the calculated and
refitted scores. This high correlation suggests that one would get a
similar score by fitting the original HOPE score to another sample of
similar patients.

Clinically, the prediction of the HOPE score remains accurate in the
validation sample. Specifically, the negative predictive value (NPV) of a
HOPE score cut-off of <0.10 was excellent (97%). This is especially
important in the situation of hypothermic CA patients for whom under-
treatment (i.e. denying access to ECLS rewarming to a patient with
potential for survival) would signify the death of the patient. The initial
HOPE score had a NPV of 100%. This 3% difference is the consequence
of the survival of one out of 35 patients with a HOPE score <10%. This
patientwasa7 years-oldboysubmergedinariverwhosurvivedtohospital

Fig. 3 – Observed probability of survival according to the predicted survival rate in the validation sample (n = 122). Each
one of the red plots represent a decile of the predicted survival probabilities in the whole derivation sample. The
Hosmer–Lemeshow (p = 0.08) indicates that the differences between observed and predicted survival probabilities are
not significant, indicating good calibration of the model (for interpretation of the references to colour in this figure
legend, the reader is referred to the web version of this article).

Table 2 – Estimated sensitivity and specificity of a HOPE score � 0.10 on predicting survival. HOPE denotes
hypothermia outcome prediction after extracorporeal life support (ECLS).

Sensitivitya Specificityb PPVc NPVd FPe FNe

Derivation sample (n = 286)
HOPE � 0.10 106/106 = 100% 92/180 = 51% 106/194 = 55% 92/92 = 100% 88/286 = 31% 0/286 = 0%
(95% CI) (97–100%) (44–58%) (48–61%) (96–100%) (26–36%) (0–1%)
Validation sample (n = 122)
HOPE � 0.10 50/51 = 98% 34/71 = 48% 50/87 = 57% 34/35 = 97% 37/122 = 30% 1/122 = 1%
(95% CI) (90–100%) (37–59%) (47–67%) (85–99%) (85–99%) (0–4%)

a Sensitivity is defined as the probability that the criterion is fulfilled among the survivors.
b Specificity is defined as the probability that the criterion is not fulfilled among the non-survivors.
c The positive predictive value (PPV) is defined as the proportion of patients who survived among those fulfilling the criterion.
d The negative predictive value (NPV) is defined as the proportion of patients who died among those not fulfilling the criterion.
e FP denotes the percentage of false positive and FN the percentage of false negative (calculated over all the patients, whether positive or negative).
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discharge with a CPC of 1. His HOPE survival probability was 4%
(potassium 6.6 mmol/L, core temperature 27.5 �C and CPR duration
71 min), which is below the HOPE suggested cut-off of 10%. Young
children have been noticed to survive cold water submersion with hypoxia
and rapid cooling, as they may rapidly become hypothermic prior to
hypoxia and to have potential for neurologically intact survival after
submersion.23–28Given this case, clinicians should exercise caution when
using the HOPE score with the proposed threshold of 10% to predict
children outcome. Besides this single false-negative case, the lowest
HOPE score values of the survivors were 11, 13, 16 and 19%.

Methodologically, we have also assessed external validation
following guidelines suggested by Debray et al.14 As we achieved a
similar discrimination and good calibration with a case-mix that was
not significantly different in the validation and derivation samples
except for age, this validation study suggests that the HOPE score is
reproducible more than transportable. It should therefore be used in
similar patients until additional validations assess its transportability in
a more diverse population.

The use of the HOPE score may have several important
clinical implications. The first is that using the HOPE score with
the proposed cutoff of 10% instead of the serum potassium would
prevent many futile ECLS rewarming attempts.4 Combining our
derivation and validation studies, 109 (27%) patients would not
have been subjected to futile ECLS if this therapeutic decision had
been based on HOPE with the proposed cutoff of 10% instead of a
serum potassium �12 mmol/L. Reducing futile care is an
important goal in emergency medicine, and the HOPE score
provides a survival prognosis that may help physicians or
relatives to decide on the better course of action.29 Of note,
one is of course free to use a different cut-off than the proposed
threshold of 10% for different subgroups of the population (e.g. for
children). This is actually the interest of having a survival
probability rather than just a 0/1 decision which allows to apply
a differential decision for different subgroups of the population.
The HOPE score may also help in the triage decisions if more
victims than available ECLS are present at a given hospital, or if
transporting a victim to an ECLS-able hospital would be
logistically very challenging or risky for emergency medical
services personnel. Another beneficial consequence of an
accurate survival prediction score may be to prompt clinicians
to initiate ECLS rewarming. The provision of a reliable estimate of
the survival probabilities to hospital discharge is an essential
piece of information that physicians need when they consider
ECLS as a treatment option. Based on our experience, many
emergency physicians are not familiar with the management of
accidental hypothermia. They may underestimate the good
overall survival, and specifically the potential for good neurologi-
cal outcome of hypothermic CA patients compared to normother-
mic CA patients.12,30 Consideration of neurological outcome has
emerged as a key patient-centred outcome that must weigh
heavily in the resuscitation decision.31 Failure to provide a life-
saving intervention is not an option, especially given the excellent
potential neurological outcome: 76% in the present study and 84%
in the derivation sample.4

The better prognostic performance of the HOPE score compared
to potassium alone is not its only advantage in clinical practice. The
HOPE score uses six different variables independently predicting
survival instead of one single biological parameter (e.g. serum
potassium). The use of potassium as a triage criterion is not only
based on little evidence from older studies,32,33 but its dosage may not

always be accurate.34 False-positive elevations due to numerous
underlying medical conditions, including medications may leads to an
inaccurate prognosis and a deadly therapeutic abstention.35 The use
of a multivariable score may therefore mitigate this risk. The
multivariable HOPE score helps to avoid futile ECLS rewarming
attempts. The validity of serum potassium for clinical decision-making
may be considered limited, and may need revision.24

Limitations

Our study suffers from some limitations. The first is the potential of
selection bias owing to the retrospective study design. Published
cases may arise from centers with specific characteristics (notably
high volumes) and outcome and therefore not represent the reality
of other settings. It is in fact the essence of ECLS to be available in
large centers. A significant proportion of cases were also
unpublished, and came from hospital registries. Moreover, the
inclusion of consecutive cases was intended to lower this bias.
Finally, no “center effect” was found in the derivation study study.4

Albeit prospective validation would have been the ideal design, the
retrospective design was justified by the paucity of hypothermic CA
patients, as acknowledged by other experts in this domain.23

Furthermore, the prospective inclusion of a sufficient number of
patients for a validation study would take several years. The
development of an international high quality registry collecting data
of hypothermic CA patients would however be welcome. Specifi-
cally, the prospective collection of decisional criteria used to initiate
or to forego ECLS and patient outcome would be key to be able to
compare which prediction scores, if any, are used, if the HOPE
score may have missed important determinants of the decision-
making process, and most of all, which has the best predictive
characteristics. Another limitation is development and validation of
the score by the same research group. This situation, however, is
relatively frequent in the quarter of published prediction models that
undergo external validation.36 Furthermore, both the development4

and the current validation studies have included cases from many
different centers. Finally, given the relatively low proportion of
avalanche victims in the current validation study, it would be wise to
use the HOPE score cautiously in this specific group of patients.

Conclusions

This study provides the first external validation of the HOPE score
reaching good calibration and excellent dis-crimination. Clinically, the
prediction of the HOPE score remains accurate in the validation
sample. The HOPE score may replace serum potassium in the future
as the triage tool when considering ECLS rewarming of a hypothermic
cardiac arrest victim.

Conflict of interest

None to declare.

Funding source

None.

326 R E S U S C I T A T I O N 1 3 9 ( 2 0 1 9 ) 3 2 1 – 3 2 8



Acknowledgements

None.

Appendix A. Supplementary data

Supplementary material related to this article can be found, in the online
version, at doi:https://doi.org/10.1016/j.resuscitation.2019.03.017.

R E F E R E N C E S

1. Link MS, Berkow LC, Kudenchuk PJ, et al. Part 7: adult advanced
cardiovascular life support: 2015 American Heart Association
Guidelines update for cardiopulmonary resuscitation and emergency
cardiovascular care. Circulation 2015;132:S444–64.

2. Vanden Hoek TL, Morrison LJ, Shuster M, et al. Part 12: cardiac arrest
in special situations: 2010 American Heart Association Guidelines for
cardiopulmonary resuscitation and emergency cardiovascular care.
Circulation 2010;122:S829–61.

3. Walpoth BH, Walpoth-Aslan BN, Mattle HP, et al. Outcome of survivors
of accidental deep hypothermia and circulatory arrest treated with
extracorporeal blood warming. N Engl J Med 1997;337:1500–5.

4. Pasquier M, Hugli O, Paal P, et al. Hypothermia outcome
prediction after extracorporeal life support for hypothermic
cardiac arrest patients: the HOPE score. Resuscitation
2018;126:58–64.

5. Sawamoto K, Bird SB, Katayama Y, et al. Outcome from severe
accidental hypothermia with cardiac arrest resuscitated with
extracorporeal cardiopulmonary resuscitation. Am J Emerg Med
2014;32:320–4.

6. Coskun KO, Popov AF, Schmitto JD, et al. Extracorporeal circulation
for rewarming in drowning and near-drowning pediatric patients. Artif
Organs 2010;34:1026–30.

7. Hilmo J, Naesheim T, Gilbert M. “Nobody is dead until warm and dead”:
prolonged resuscitation is warranted in arrested hypothermic victims
also in remote areas—a retrospective study from northern Norway.
Resuscitation 2014;85:1204–11.

8. Mair P, Brugger H, Mair B, Moroder L, Ruttmann E. Is extracorporeal
rewarming indicated in avalanche victims with unwitnessed
hypothermic cardiorespiratory arrest? High Alt Med Biol
2014;15:500–3.

9. Ruttmann E, Weissenbacher A, Ulmer H, et al. Prolonged
extracorporeal membrane oxygenation-assisted support provides
improved survival in hypothermic patients with cardiocirculatory arrest.
J Thorac Cardiovasc Surg 2007;134:594–600.

10. Farstad M, Andersen KS, Koller ME, Grong K, Segadal L, Husby
P. Rewarming from accidental hypothermia by extracorporeal
circulation. A retrospective study. J Cardiothorac Surg
2001;20:58–64.

11. Cummins RO, Chamberlain DA, Abramson NS, et al.
Recommended guidelines for uniform reporting of data from out-
of-hospital cardiac arrest: the Utstein Style. A statement for health
professionals from a task force of the American Heart Association,
the European Resuscitation Council, the Heart and Stroke
Foundation of Canada, and the Australian Resuscitation Council.
Circulation 1991;84:960–75.

12. Ouweneel DM, Schotborgh JV, Limpens J, et al. Extracorporeal
life support during cardiac arrest and cardiogenic shock: a
systematic review and meta-analysis. Intensive Care Med
2016;42:1922–34.

13. Safar Peter. Resuscitation after brain ischemia. In: Eds GAaSP, editor.
Brain failure and resuscitation. New York: Churchill Livingstone; 1981.
p. 155–84.

14. Debray TP, Vergouwe Y, Koffijberg H, Nieboer D, Steyerberg EW,
Moons KG. A new framework to enhance the interpretation of external
validation studies of clinical prediction models. J Clin Epidemiol
2015;68:279–89.

15. Alba AC, Agoritsas T, Walsh M, et al. Discrimination and calibration of
clinical prediction models: users’ guides to the medical literature.
JAMA 2017;318:1377–84.

16. Hosmer DWJ, Lemeshow S. Applied logistic regression. 2nd ed. New
York, NY: John Wiley & Sons; 2000.

17. van Buuren S, Groothuis-Oudshoorn K. MICE: multivariate imputation
by chained equations in R. J Stat Softw 2011;45:1–67.

18. Collins GS, Reitsma JB, Altman DG, Moons KG. Transparent reporting
of a multivariable prediction model for individual prognosis or
diagnosis (TRIPOD): the TRIPOD statement. Ann Intern Med
2015;162:55–63.

19. Champigneulle B, Bellenfant-Zegdi F, Follin A, et al. Extracorporeal life
support (ECLS) for refractory cardiac arrest after drowning: an 11-year
experience. Resuscitation 2015;88:126–31.

20. Wiberg S, Kjaergaard J, Kjaergaard B, et al. The biomarkers neuron-
specific enolase and S100b measured the day following admission for
severe accidental hypothermia have high predictive values for poor
outcome. Resuscitation 2017;121:49–53.

21. Wanscher M, Agersnap L, Ravn J, et al. Outcome of accidental
hypothermia with or without circulatory arrest: experience from the Danish
Praesto Fjord boating accident. Resuscitation 2012;83:1078–84.

22. Moons KG, Kengne AP, Grobbee DE, et al. Risk prediction models: II.
External validation, model updating, and impact assessment. Heart
2012;98:691–8.

23. Saczkowski RS, Brown DJA, Abu-Laban RB, Fradet G, Schulze CJ,
Kuzak ND. Prediction and risk stratification of survival in accidental
hypothermia requiring extracorporeal life support: an individual patient
data meta-analysis. Resuscitation 2018;127:51–7.

24. Paal P, Gordon L, Strapazzon G, et al. Accidental
hypothermia-an update: the content of this review is endorsed
by the International Commission for Mountain Emergency
Medicine (ICAR MEDCOM). Scand J Trauma Resusc Emerg Med
2016;4:111.

25. Romlin BS, Winberg H, Janson M, et al. Excellent outcome with
extracorporeal membrane oxygenation after accidental profound
hypothermia (13.8 degrees c) and drowning. Crit Care Med 2015;43:
e521–5.

26. Bolte RG, Black PG, Bowers RS, Thorne JK, Corneli HM. The use of
extracorporeal rewarming in a child submerged for 66 minutes. JAMA
1988;260:377–9.

27. Galbiati S, Pastore V, Locatelli F, et al. Neurocognitive and behavioral
outcomes in a nearly drowned child with cardiac arrest and
hypothermia resuscitated after 43min of no flow-time: a case study.
Resuscitation 2017;118:e3–4.

28. Tintinalli JE, Stapczynski JS, Ma OJ, Meckler GD, Cline DM. Chapter
209: hypothermia. In: Ltd M-HE, editor. Tintinalli’s Emergency
medicine: a comprehensive study guide, 8e.

29. Simon JR, Kraus C, Rosenberg M, Wang DH, Clayborne EP, Derse
AR. “Futile Care”—an emergency medicine approach: ethical and
legal considerations. Ann Emerg Med 2017;70:707–13.

30. Pasquier MM, Paal P, Blancher M, Darocha T. Higher survival chances
of hypothermic vs. normothermic cardiac arrest patients with ECLS
re-warming. Resuscitation 2019;134:161–2.

31. Perkins GD, Ji C, Deakin CD, et al. A Randomized Trial of
epinephrine in out-of-hospital cardiac arrest. N Engl J Med
2018;379:711–21.

32. Schaller MD, Fischer AP, Perret CH. Hyperkalemia. A prognostic
factor during acute severe hypothermia. JAMA 1990;264:1842–5.

33. Hauty MG, Esrig BC, Hill JG, Long WB. Prognostic factors in severe
accidental hypothermia: experience from the Mt. Hood tragedy. J
Trauma 1987;27:1107–12.

R E S U S C I T A T I O N 1 3 9 ( 2 0 1 9 ) 3 2 1 – 3 2 8 327

https://doi.org/10.1016/j.resuscitation.2019.03.017
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0005
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0005
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0005
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0005
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0010
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0010
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0010
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0010
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0015
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0015
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0015
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0020
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0020
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0020
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0020
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0025
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0025
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0025
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0025
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0030
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0030
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0030
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0035
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0035
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0035
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0035
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0040
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0040
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0040
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0040
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0045
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0045
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0045
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0045
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0050
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0050
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0050
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0050
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0055
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0060
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0060
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0060
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0060
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0065
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0065
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0065
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0070
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0070
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0070
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0070
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0075
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0075
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0075
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0080
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0080
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0085
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0085
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0090
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0090
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0090
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0090
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0095
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0095
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0095
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0100
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0100
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0100
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0100
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0105
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0105
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0105
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0110
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0110
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0110
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0115
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0115
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0115
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0115
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0120
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0120
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0120
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0120
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0120
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0125
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0125
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0125
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0125
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0130
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0130
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0130
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0135
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0135
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0135
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0135
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0140
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0140
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0140
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0145
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0145
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0145
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0150
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0150
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0150
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0155
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0155
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0155
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0160
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0160
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0165
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0165
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0165


34. Blancher M, Boussat B, Bouzat P. Blood potassium after avalanche-
induced cardiac arrest: sampling method and interpretation. Am J
Emerg Med 2016;34:1317–8.

35. Brown DJ, Brugger H, Boyd J, Paal P. Accidental hypothermia. N Engl
J Med 2012;367:1930–8.

36. Siontis GC, Tzoulaki I, Castaldi PJ, Ioannidis JP. External validation of
new risk prediction models is infrequent and reveals worse prognostic
discrimination. J Clin Epidemiol 2015;68:25–34.

328 R E S U S C I T A T I O N 1 3 9 ( 2 0 1 9 ) 3 2 1 – 3 2 8

http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0170
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0170
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0170
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0175
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0175
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0180
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0180
http://refhub.elsevier.com/S0300-9572(19)30086-3/sbref0180

	Hypothermia outcome prediction after extracorporeal life support for hypothermic cardiac arrest patients: An external vali...
	Introduction
	Methods
	Study population
	Statistical analysis

	Results
	Discussion
	Limitations

	Conclusions
	Conflict of interest
	Funding source
	Acknowledgements
	Appendix A Supplementary data
	References


